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Abstract: In this paper, we investigate the validity of the Unique Games Conjecture when
the constraint graph is the boolean hypercube. We construct an almost optimal integrality
gap instance on the Hypercube for the Goemans-Williamson semidefinite program (SDP)
for Max-2-LIN(Z2 ). We conjecture that adding triangle inequalities to the SDP provides a
polynomial time algorithm to solve Unique Games on the hypercube.

1

Introduction

The Unique Games Conjecture (UGC) was formulated by Khot in 2002 [16], and has since been the focus
of great attention. Deciding it either way would have significant implications: Proving the conjecture
would give tight bounds to the approximability of several fundamental optimization problems, including
Vertex Cover [19], Max-Cut [17] and non-uniform Sparsest-Cut [9, 20]). Refuting the conjecture would
yield an approximation algorithm for finding small non-expanding sets [26], and the techniques used in a
refutation would be likely to find applications to other graph partitioning problems like Max-Cut and
Sparsest-Cut.
Conjecture 1.1. (UGC) For any constants ε, δ > 0, there is a k = k(ε, δ ) such that it is NP-hard to
distinguish between instances of Unique Games with alphabet size k where at least 1 − ε fraction of
constraints are satisfiable and those where at most δ fraction of constraints are satisfiable.
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A full definition of a Unique Games instance appears in Section 2, but for now one may think of
an instance with alphabet size k as a system of constraints where variables take values in Zk , and each
constraint is a linear equation mod k involving two variables. The constraint graph of such an instance is
a graph that has a vertex for every variable and an edge for every pair of variables that appear together in
one of the constraints.
In recent years the UGC was found to be intimately connected to the power of semi-definite programming (SDP). One can trace the first instance of this connection to the seminal paper by Goemans and
Williamson [12] on the Max-Cut problem (an instance of Max-Cut can be thought of as a linear equation
system over Z2 , and thus it is a Unique Games Instance for alphabet size 2). They gave an SDP based
algorithm for MaxCut which,
√ on inputs where the maximal cut is of size (1 − ε), produces a cut that
satisfies at least (1 − (2/π) ε) fraction of the constraints. A matching integrality gap was found by [15]
and [11], and in [17] it was proven that if the UGC is correct, than the Goemans-Williamson algorithm is
the polynomial-time approximation algorithm with the best possible approximation ratio.
Theorem 1.2. Assume the Unique Games Conjecture. Then for all sufficiently small ε > 0, it is NP-hard
to distinguish instances
of Max-2-LIN(Z2 ) that are at least (1 − ε)-satisfiable from instances that are at
√
most (1 − (2/π) ε)-satisfiable.
The SDP based approximation algorithm of Goemans and Williamson was later extended to work for
general Unique Games by [7, 8], and in [17] it was shown that unless the UGC is false, the approximation
ratio achieved by [8] is tight. Raghavendra [24] proved further that for every constraint satisfaction
problem there is a polynomial-time SDP based algorithm which, if UGC is true, achieves the best possible
approximation for the problem.
Currently there is limited evidence either in favor or against the Unique Games conjecture. So far,
the most successful algorithmic techniques to approximate unique games (and the ones that may lead
to a refutation of the conjecture, if it is indeed false) are based on spectral methods and on semidefinite
programming.
Spectral techniques for UG. Spectral techniques have been used to develop good polynomial-time
or quasi-polynomial-time algorithms for large classes of instances, including expanders [3, 22], local
expanders [2, 26], and graphs with few large eigenvalues [21]. Arora, Barak and Steurer [1] used spectral
Ω(1)
techniques to develop a sub-exponential (2n -time) algorithm for general instances.
Currently, we do not know how to apply spectral techniques to get good polynomial time or quasipolynomial time approximations to unique games instances whose constraint graph has several small
Laplacian eigenvalues (high threshold rank). In particular, all known spectral techniques fail on instances
whose constraint graph has high threshold rank. A simple such instance is the hypercube. Thus,
understanding how to design algorithms for the hypercube constraint graph is a very natural next step
which will likely shed light on what techniques we need to use in order to tackle the UGC .
Semidefinite programming techniques for UG. Several semidefinite programming relaxations and
rounding schemes have been studied that provide non-trivial approximation [16, 28, 14, 7, 10, 6] in
general instances of Unique Games, and match the performance of known spectral algorithms in special
C HICAGO J OURNAL OF T HEORETICAL C OMPUTER S CIENCE 2015, Article 1, pages 1–20

2

U NIQUE G AMES ON THE H YPERCUBE

classes of instances. Integrality gap instances are known for basic relaxations [20, 25, 5, 18], showing that
such relaxations cannot yield a refutation of the unique games conjecture, but Barak and others [4] show
that a polynomial-time solvable relaxation based on the Lasserre hierarchy provides good approximations
to all known such integrality gap instances. Given our current knowledge, it might be possible that the
polynomial time relaxations studied in [4] are sufficient to refute the unique games conjecture.
It would be a very interesting result to show that semidefinite programming relaxations such as the
ones studied in [4] solve unique games instances whose constraint graph is the hypercube1 because that is
a paradigmatic hard case for spectral methods.
In this paper we show that the most basic relaxation is not sufficient for this goal, and we present a
family of integrality gap instances over a boolean range such that the value of the Goemans-Williamson
SDP is 1 − ε while the true optimum is 1 − O(ε 1.5 ).
Unique Games vs. Small Set Expansion. In general graphs, it often may appear that the Small
Set Expansion Problem (SSE)[27] and the Unique Games Problem have roughly the same complexity.
Namely, when we look at algorithms for unique games on general graphs, they have a simple counterpart
algorithm for SSE, which uses all the same main ideas. However, for the hypercube graph, its Small Set
Expansion can be efficiently (an very easily) determined, whereas we don’t know of an algorithm that
efficiently solves Unique Games on it.

1.1

Our results

In this paper, we consider the Max-2-LIN(Z2 ) problem. Recall that by theorem 1.2, an improved
approximation algorithm for Max-2-LIN(Z2 ) for general instances would refute the UGC. We study the
approximability of Max-2-LIN(Z2 ) when restricted to instances whose constraint graph is a hypercube.
We construct a family of integrality gap instances of Unique Games on the hypercube constraint
graph for the Goemans-Williamson semi-definite program (SDP). In the following, we refer to an edge
of the constraint graph of a Max-2-LIN(Z2 ) instance as an equality or an inequality edge, depending
on whether the constraint on the edge is satisfied when its endpoints have the same or opposite value,
respectively.
An interesting contribution of our result. Our construction of integrality gap instances differs from
other such constructions in an important aspect. Usually, if one wants to construct a family of instances
for a graph maximization problem whose optimum has value ρopt but whose SDP has valueρSDP >> ρopt ,
one constructs a symmetric instance and an SDP solution such that every edge contributes ρSDP to the
value of the solution. In the case of a unique game on the hypercube, however, if we have an instance
and an SDP solution such that each edge contributes, say, .9, then the instance must be satisfiable. So to
obtain a gap, one needs to construct a somewhat asymmetric instance, where in the SDP solution some
edges contribute more to the objective function and some edges contribute less. Asymmetric instances
and solution could lead to better integrality gaps in other settings.
1 Here

by “solve” we mean a good approximation such as, for example, the ability to solve a 1 − O(ε) fraction of constraints
in a (1 − ε)-satisfiable boolean instance, or 10% of constraints in a 90%-satisfiable instance over an arbitrary alphabet.
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The GW algorithm. As mentioned above, the first non-trivial approximation algorithm for UniqueGames was the SDP based algorithm of Goemans and Williamson [13], and it was later generalized by
Charikar-Makarychev-Makarychev [7] to give the best known (worst-case) polynomial time approximation for Unique Games instances. When the Goemans-Williamson algorithm (GW algorithm for short)
is applied
√ to a (1 − ε)-satisfiable instance of Max-2-LIN(Z2 ) , it finds an assignment satisfying at least
1 − O( ε) fraction of the constraints. Assuming the UGC, theorem 1.2 implies that this performance is
best possible by any algorithm. As also mentioned above, tightly matching integrality gaps were shown
in [11] and [15], and in [11] instances were constructed where any reasonable rounding procedure for the
GW SDP gives an approximation factor matching the above parameters.
In the context of solving UG on the hypercube, it is natural to ask how well the GW SDP performs.
As far as the authors are aware, until this work it was not ruled out that the GW algorithm performs
(almost) perfectly, which would imply that instances with a hypercube constraint graph are easy.
Integrality gap on the hypercube. In this paper we prove that the GW SDP has an integrality gap on
the hypercube with a behaviour similar to the gap on general graphs, albeit with a different power of ε.
Theorem. (Main) For every sufficiently small constant ε, and for every d ≥ d(ε), there exists a Max-2LIN(Z2 ) instance on the boolean cube Qd of dimension d such that the UG combinatorial optimal value
for that instance is 1 − Ω(ε), and the GW SDP optimal value is 1 − O(ε 3/2 ).
We believe our integrality gap can be extended for the case of more than 2 labels, but have no proof
of that at this point. We note that our result is especially interesting since all previously known integrality
gap instances for the GW SDP as well as most integrality gap instances for other various SDPs, are known
to not be “hard” instances for Unique Games and can be approximately solved using spectral techniques
o(1)
in time at most 2n , where n is the number of nodes of the graph. The hypercube graph is unique, in
Ω(1)
the sense that known state-of-the-art spectral algorithms cannot solve it in time faster than 2n , (where
n is the number of nodes of the hypercube) and, as shown by this work, there is also an integrality gap
instance on the hypercube for the GW SDP.
Adding triangle inequalities. One can increase the power of the GW SDP by adding so called “triangle
inequality constraints” – this is a standard manipulation of semidefinite programs, and is a subset of the
constraints added by the second Lassere hierarchy. We show that adding these constraints to the GW
SDP breaks the integrality gap of our instance. We conjecture that in fact the GW SDP with triangle
inequalities solves the Unique Games problem on the hypercube – whether this is indeed the case is a
very interesting question.
Our Techniques. We construct our gap instance as follows: We start with an instance for which all
edges are equality edges, for which the all-one’s assignment is the (combinatorial) optimum assignment
with value 1 (since the instance is completely satisfiable). We then convert a small number edges to
inequalities ensuring that the all-one’s assignment is still roughly the combinatorial optimum assignment.
At the same time, the SDP optimum value becomes larger than the fraction of constraints satisfied by the
optimum combinatorial assignment. More concretely we show the following lemma :
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Lemma 3.3 (Main Lemma). For every sufficiently large d, there exists a Max-2-LIN(Z2 ) Instance on
the hypercube Qd of dimension d, such that the combinatorial optimum is 1 − Ω(d −1/2 ) and the SDP
optimum is 1 − O(d −3/4 ).
In the following, we refer to edges of the hypercube connecting vertices that differ in the i-th
coordinate as edges going in the i-th direction.
To prove the above lemma we define a gap instance ∆(k, d) on Qd , where
√ we start from the allequalities instance on Qd and introduce inequalities along k directions, for k ∼ d. Our goal in choosing
which edges to designate as inequality edges is to keep the solutions in which all variables are assigned
the same value (say, the value one) to be close to optimal, which implies that the combinatorial optimum
is roughly one minus the fraction of inequality edges. At the same time, we want the SDP solution to
have value noticeably higher than one minus the fraction of inequalities, thus creating a gap.
We show that if we restrict ourselves to introducing inequality edges in just one direction, then we can
show that up to about half the edges going in that direction can be changed to inequality while preserving
the property that the all-one assignment to the variables is optimal, and while allowing an SDP solution
of higher optimum value.
√
Next, we further extend the
construction
by
placing
these
inequality
regions
along
O(
d) number of
√
directions. The parameter O( d) is chosen such that the all ones assignment is still nearly the optimum.
In particular in Lemmas 3.5 and 3.6 we prove that if we place these inequality regions in k directions, the
combinatorial optimum grows linearly with k (in particular O( dk )) whereas the SDP optimum grows at
√
√
√
most proportionally to k (in particular O( dk )). Setting k ∼ O( d) we get a non trivial (super-constant)
gap. We formally state and prove the above idea in lemma 3.3.
So far, we have managed to show that a non trivial gap instance exists for sub-constant ε ∼ d −1/2 .
The next task is to blow this instance up to create gap instances for constant ε. We do this by showing the
following gap preservation lemma:
Lemma 3.4 (Gap Preservation). Suppose that I is a Max-2-LIN(Z2 ) instance define over the d dimensional hypercube, and let α be the combinatorial value of I and β be the optimal SDP value for it. Then
for every i there exists an instance I 0 defined over the d · i dimensional hypercube whose combinatorial
value is at least α and whose GW SDP optimal value is at most β .
We prove the above lemma by defining a tensor product operation on Max-2-LIN(Z2 ) instances on
the cube which allows us to create larger instances of the cube preserving the gap of the original instance.

1.2

Organization

The rest of the paper is organized as follows. Section 2 contains some definitions and notation that we
will be using throughout the paper. Sections 3 and 4 contain the description of the integrality gap instance
on the hypercube and the proof of our Main theorem. In section 5 we discuss adding triangle inequalities
to the GW algorithm, show that our instance no longer gives an integrality gap for this strengthened SDP,
and conjecture that actually this SDP solves all instances on the hypercube.
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2
2.1

Preliminaries
Notations

We use the following notations throughout the paper. Qd refers to a hypercube graph (Vd , Ed ) of dimension
d, with vertex set Vd and edge set Ed . We generally reserve d for the dimension of the hypercube in
context. For every vertex v ∈ Vd of the hypercube we naturally associate vector v ∈ {0, 1}d (we denote
vectors in boldface letters). Let vi be the ith coordinate of the vector v. We denote by H(v) the hamming
weight of the vector v, i.e. the number of 10 s in v.
Let Qd−k (x) where x ∈ {0, 1}k be a d − k dimensional sub-cube of of Qd obtained by fixing the first
k coordinates to be x.
Given any two vectors we define their tensor product as follows
Definition 2.1 (Tensor Product). Given two vectors x ∈ Rn1 , y ∈ Rn2 define the vector x ⊗ y ∈ {0, 1}n1 ∗n2
as follows
x ⊗ y(i∗n1 + j) = xi y j
It will well known that the norm of tensor products is multiplicative,
• kx ⊗ yk2 = kxk2 kyk2 ,
where kxk denotes the l2 -norm of x.

2.2

Unique Games and Max-2-LIN(Z2 ) Definitions

Following is a formal genera definition of the Unique Games problem.
Definition 2.2 (Unique Games). A Unique Games instance for alphabet size k is specified by an undirected
constraint graph G = (V, E), a set of variables {xu }u∈V , one for each vertex u, and a set of permutations
(constraints) πuv : [k] → [k], one for each (u, v) s.t. {u, v} ∈ E, with πuv = (πvu )−1 . An assignment of
values in [k] to the variables is said to satisfy the constraint on the edge {u, v} if πuv (xu ) = xv . The
optimization problem is to assign a value in [k] to each variable xu so as to maximize the number of
satisfied constraints. We define the value of a solution to be the fraction of constraints that are not satisfied
by this solution.
An optimal solution for a Unique Games instance which satisfies the maximum number of constraints
will also be referred to as the combinatorial solution and its value will be referred to as the combinatorial
value. We note that, while it is slightly more common to define the value of a solution to be the fraction
of satisfied constraints by the solution, in this paper we find it more convenient to define the value of a
solution as the fraction of constraints that is not satisfied by it.
Definition 2.3 (Max-2-Lin). A Max-2-LIN(Z2 ) instance is a Unique Games instance with alphabet size
2. Note that to specify a Max-2-LIN(Z2 ) instance it is sufficient to specify a graph G = (V, E) and a
function f : E → {0, 1}. We call the edges with the value 0 “equality” edges and the edges with value 1
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“inequality” edges in accordance to the constraints implying whether the two labels on the edge should be
equal or not.
Since the main focus of this paper are instances where the constraint graphs are Hypercubes, we will
be viewing a Max-2-LIN(Z2 ) instance as a function I : Ed → {0, 1}.

2.3

Goemans Williamson SDP and Gap Instances

We next describe the Goemans-Williamson semi-definite program [13] for solving Max-2-LIN(Z2 ) .
Note that the original paper by Goemans Williamson defines the SDP for the Max-Cut problem which is
essentially a Max-2-LIN(Z2 ) problem with all edges being inequality edges.
Definition 2.4 (GW SDP). Given a graph G = (V, E) and a Max-2-LIN(Z2 ) instance I : E → {0, 1} on
it, let the set of equality edges be E + and the set of inequality edges be E − . The Goemans-Williamson
SDP for the instance is defined as
!
1
minimize
∑ + kxu − xv k2 + ∑ − kxu + xv k2
4|E| (u,v)∈E
(u,v)∈E
subject to kxu k2 = 1 (∀ u ∈ V )
Note that the analysis carried out by Goemans-Williamson for Max-Cut essentially holds for Max2-LIN(Z2 ) too. In particular given a Max-2-LIN(Z2 ) instance with combinatorial value ε the above
SDP has optimum value Ω(ε 2 ). As mentioned in the introduction, this is tight under the Unique Games
Conjecture.

3

Main Theorem

In this section, we describe an instance of Max-2-LIN(Z2 ) on the Hypercube which is an integrality gap
for the GW SDP.
Definition 3.1 ((α, β )-gap instance). An infinite family F of Max-2-LIN(Z2 ) instances on the hypercube
(of varying dimensions) is called an (α, β )-gap Instance for Max-2-LIN(Z2 ) if the combinatorial optimum
on any I ∈ F is Ω(α) and the GW SDP has optimum value O(β ).
Note that the existence of an (α, β )-gap instance for Max-2-LIN(Z2 ) proves that the GW SDP has an
integrality gap of at least Ω( αβ ). The following theorem therefore establishes an integrality gap for the
GW SDP on the hypercube.
Theorem 3.2. (Main) For every sufficiently small constant ε there is an (ε, ε 3/2 ) Instance for Max-2LIN(Z2 ) .
Theorem 3.2 is obtained from the following two lemmas, which are proven below.
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Lemma 3.3. (Main Lemma) For every sufficiently large d, there exists a Max-2-LIN(Z2 ) instance defined
over the d dimensional hypercube, whose combinatorial value is Ω(d −1/2 ) but for which the GW SDP
optimal value is O(d −3/4 ).
Lemma 3.4 (Gap Preservation). Suppose that I is a Max-2-LIN(Z2 ) instance define over the d dimensional hypercube, and let α be the combinatorial value of I and β be the optimal GW SDP value
for it. Then for every i there exists an instance I 0 defined over the d · i dimensional hypercube whose
combinatorial value is at least α and whose GW SDP optimal value is at most β .
Proof of Theorem 3.2. Let ε > 0 be small enough, and take d = 1/ε 2 . By lemma 3.3 we can find an
instance I whose combinaorial value is at least Ω(d −1/2 ) ∼ ε and whose GW SDP optimal value if
Ω(d −3/4 ) ∼ ε 3/2 . Considering the family of instances that can be obtained from I by applying Lemma 3.4
we obtain a (ε, ε 3/2 ) Instance of Max-2-LIN(Z2 ) , proving the theorem.
In the rest of this section we prove Lemma 3.3. Lemma 3.4 is proven in the next section.

3.1

Proof of Lemma 3.3

We need to construct a Max-2-LIN(Z2 ) instance over the hypercube Qs of dimension d. Let Ed be
the set of edges of the hypercube, and let k be a parameter to be fixed later. We define the instance
∆[k, d] : Ed → {0, 1} as follows. For any edge e = (v1 , v2 ) let i(e) be the coordinate along which the
corresponding vectors v1 , v2 differ. Let H(v[k]) be the hamming weight of the vector v restricted to only
coordinates other than the first k coordinates.
• If i(e) > k, ∆[k, d](e) = 0.
• if i(e) ≤ k and if H(v1 [k]) >

d−k
2 ,

∆[k, d](e) = 0.

• Otherwise ∆[k, d](e) = 1.
We now make some observations about our instance. Note that all edges that are assigned to 1 (i.e.
are inequality edges) are between vertices (v, v0 ) that differ in one of the first k coordinates. Therefore
for any subcube Qd−k (x) defined by fixing the first k coordinates to be x, we have that the edges inside
Qd−k (x) are all set to 0 (i.e. are equality edges). Consider two vectors x1 , x2 ∈ {0, 1}k which differ in
one coordinate. Every vertex v in the subcube Qd−k (x1 ) is connected by an edge to another vertex v0 in
Qd−k (x2 ). The vertex v0 can be thought of as a copy of v in the subcube Qd−k (x2 ) (restricted to the last
d − k coordinates the two vertices are the same). The edge connecting (v, v0 ) is an inequality or equality
edge depending on which side of the majority cut v belongs to in its corresponding subcube. Namely, if
more than half of the last d − k coordinates of v are 1, then (v, v0 ) is an equality edge, otherwise it is an
inequality edge.
We now bound the GW-SDP optimum and the combinatorial optimum of ∆[k, d] in the following two
lemmas.
√
Lemma 3.5. For k ≤ O( d), ∆[k, d] has combinatorial optimum Ω( dk ).
Lemma 3.6. ∆[k, d] has GW-SDP optimum O(

√
k
d ).

C HICAGO J OURNAL OF T HEORETICAL C OMPUTER S CIENCE 2015, Article 1, pages 1–20

8

U NIQUE G AMES ON THE H YPERCUBE

√
Lemma 3.3 easily follows from Lemma 3.5 and Lemma 3.6 by setting k = c d. It is thus left to
prove the two lemmas above.

3.2

Proof of Lemma 3.6

To √
prove the lemma it is enough to exhibit a valid solution to the GW-SDP which achieves a value of
O( dk ). To this end we exhibit a two dimensional solution S : Vd → R2 . Our solution will map every
vertex v to a unit vector in R2 and therefore it is enough to just specify the angles αv between v and the
x-axis.
The solution S is symmetric with respect to the d − k dimensional subcubes Qd−k (x) and depends
only upon the parity of the k dimensional vector x. Within a subcube, the vector assigned to a vertex
depends only on the hamming weight of the vertex restricted to the subcube. Let Li (x) be the layer
in the d − k dimensional subcube Qd−k (x) of hamming weight i (vertices with i ones in the last d − k
coordinates). Formally a vertex v ∈ Li (x) if v ∈ Qd−k (x) and H(v[k]) = i (as a reminder, H(v[k]) is the
hamming weight of the vector v restricted to only coordinates after the kth coordinate).
We now define our solution S to the GW-SDP paramterized by t. We will find a suitable value for t
when we analyze the value of the solution.
• For every k-length vector x+ of parity 1, and for all v ∈ Li (x+ )

0
if i ≤ d−k

2 −t


 
(d−k)
π
d−k
2 −i
αv =
if i ∈ ( d−k
4 1−
t
2 − t, 2 + t)


 π
if i ≥ d−k
2
2 +t
• For every k-length vector x− of parity −1, and for all v ∈ Li (x− ) assign αv to be π− the corresponding value for its neighboring vertex x+ of parity 1. i.e.

π
if i ≤ d−k

2 −t




(d−k)
−i
d−k
if i ∈ ( d−k
αv =
π − π4 1 − 2 t
2 − t, 2 + t)


 π
if i ≥ d−k
2
2 +t
Following is a schematic of the solution described above. L represents layers of subcubes with parity
1 and the L0 represent their counterparts in subcubes of parity −1
We first compute the contribution of a fixed subcube Qd−k (x) to the GW-SDP objective. Consider a
vertex v ∈ Li (x) where i ∈ [0, (d−k)
2 − t]. This vertex is connected with equalities to its neighbours inside
the subcube and with inequalities to its neighbours outside the subcube. Since all its neighbours inside
the subcube are mapped to the same vector, the contribution to the SDP value of those edges is zero.
Moreover all neighbors of v in different subcubes are mapped to the antipodal point of the vector v is
mapped to (since neighboring subcubes have different parity). Therefore the contribution of every edge
connected to this vertex is 0.
Similarly, for a vertex v ∈ Li (x) where i ∈ [(d − k)/2 + t, (d − k)] the contribution of all its edges is 0.
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Figure 1: Schematic for SDP solution
Consider a vertex v ∈ Li (x) where i ∈ ((d − k)/2 − t, (d − k)/2). The total contribution of the
neighbors of this vertex comes from the inequalities going out of the subcube, which is
k(1 + cos(π − 2αv )) ≤ 2k
and from the equalities inside the subcube, which is
(d − k)(1 − cos(

π
))
4t

The total contribution of edges adjacent to v therefore is
2k + (d − k)(1 − cos(

π
(d − k)
)) ≤ O(k +
)
4t
t2

The
contained in layers Li (x) for i = ((d − k)/2 − t, (d − k)/2 + t) is
√ total fraction of vertices
1
√
O(t/ d − k) (for t=1 it is θ ( d−k ) and that is the layer with the largest fraction of vertices). Therefore
the total contribution of a fixed subcube Qd−k (x) is bounded by


t
(d − k)
|Vd−k (x)|O( √
k+
t2
d −k
Substituting t =

q

d−k
k

and summing the contribution over all subcubes Qd−k (x) we get that the

fractional value of this SDP feasible solution is O(

√
k
d ).
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3.3

Proof of Lemma 3.5

We show here one proof of Lemma 3.5. An alternative proof appears in Theorem 5.5: that proof not just
shows a bound on the combinatorial optimum but also shows that there is a certificate for this bound
using inconsistent cycles.
Consider the d − k dimensional subcubes Qd−k (x) where x is a k dimensional vector. We first prove
that in an optimum assignment, the assignment on any subcube Qd−k (x) is determined only by the parity
of x. In other words, if x, y are k dimensional vectors with the same parity then the assignments on the
subcubes Qd−k (x), Qd−k (y) will be the same. We prove this by contradiction.
Let an optimum assignment be Γ : Vd → {0, 1}. For a subset of edges E ⊆ Ed let ValΓ (E) be the
number of unsatisfied edges in E. Let ValΓ (Qd−k (x)) be the number of unsatisfied edges in the subcube
Qd−k (x).
Let S be the set of pairs of k dimensional vectors x1 , x2 which differ in one coordinate. Given
any two such vectors x1 , x2 , let E(x1 , x2 ) be the set of edges (u, v) that go between the subcubes i.e.
u ∈ Qd−k (x1 ), v ∈ Qd−k (x2 ). Therefore the total combinatorial value of the assignment Γ(i.e. total number
of unsatisfied edges) is

∑ ValΓ (Qd−k (x)) + ∑
x

ValΓ (E(x1 , x2 )) =

(x1 ,x2 )∈S



∑
(x1 ,x2 )∈S


1
(ValΓ (Qd−k (x1 )) +ValΓ (Qd−k (x2 ))) +ValΓ (E(x1 , x2 ))
(3.1)
k

Given the above expression let x01 , x02 be vectors such that the quantity inside the summation in the
RHS above is minimum. Now consider the assignment in which for every vector x which has the same
parity as x01 , the subcube Qd−k (x) has the same assignment as the subcube Qd−k (x01 ) in Γ. We do the
same with x02 . It is easy to see that the above described assignment satisfies at least as many edges as Γ.
By the above argument for any optimal assignment Γ it is enough to specify two assignment functions
Γ+ : Qd−k → {0, 1} and Γ− : Qd−k → {0, 1}, one for subcubes for which the first k coordinates have
parity 1 and one for subcubes for which the first k coordinates have parity −1. Let Val(Γ+ ) and Val(Γ− )
be the number of edges not satisfied within the subcubes of positive and negative parity respectively. Let
Val(Γ+ , Γ− ) denote the number of edges not satisfied between a fixed subcube of positive parity and a
fixed subcube of negative parity. The total number of edges not satisfied by the assignment Γ therefore is
2k−1 (Val(Γ+ ) +Val(Γ− )) + 2k−1 k(Val(Γ+ , Γ− ))
We now prove that without loss of generality the assignment Γ− can be assumed to be the all 1’s
assignment 1 i.e. 1(v) = 1 for all v ∈ Qd−k .
Consider any optimal assignment (Γ0+ ,Γ0− ). Consider the assignment such that Γ− = 1 and Γ+ =
Γ0+ ⊕ Γ0− . Note that Val(Γ0+ , Γ0− ) = Val(1, Γ0+ ⊕ Γ0− ). Also note that Val(1) = 0 and Val(Γ0+ ⊕ Γ0− ) ≤
Val(Γ0+ ) +Val(Γ0− ). Therefore the assignment (1, Γ0+ ⊕ Γ0− ) is at least as good as (Γ0+ , Γ0− ).
In accordance with the above observations for an optimal assignment it is enough to specify the
assignment Γ+ for the positive parity subcubes.
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Consider an optimal solution (Γ0+ , 1). Let d 0 = d − k. Let V0 ⊆ Vd 0 be the set of vertices v such that
Γ+ (v) = 0 and H1/2 ∈ Vd 0 be the set of vertices v such that H(v) ≤ d 0 /2. Now it is easy to see that the
number of edges unsatisfied by the assignment (Γ0+ , 1) is


k−1
2
Val(Γ+ ) +Val(1) + k ∗Val(Γ+ , 1)


k−1
0
=2
E[V0 ,Vd \V0 ] + 0 + k(|H1/2 −V0 | + |V0 − H1/2 |)


k−1
=2
E[V0 ,Vd 0 \V0 ] + 0 + k(|H1/2 | − |H1/2 ∩V0 | + |V0 − H1/2 |)
k−1

=2




0
k ∗ 2d
0
− A(k, d )
2

where A(k, d 0 ) = k(|V0 ∩ H1/2 | − |V0 − H1/2 |) − E[V,Vd 0 −V0 ]. We show in lemma 3.7 that the above
√
d0
defined quantity A(k, d 0 ) ≤ kα
2 ∗ 2 for k ≤ O( d) where α is a universal constant.
Therefore
the total fraction of edges unsatisfied by the any optimum assignment is O(k/d) for
√
k = O( d)
Lemma 3.7. Let Qd be the hypercube of dimension d. Let Vd be the vertex set of the cube and let V ⊆√Vd .
Let H1/2 be the set of vertices with hamming weight ≤ d/2. Let k ≤ π2 I(Ma jd ), where I(Ma jd ) = Θ( d)
is the influence of the majority function on d coordinates. Then
de f

A(k, d) = k(|V ∩ H1/2 | − |V \H1/2 |) − E[V,Vd \V ] ≤ α

k2d
2

where α is a constant < 1.
Proof. Let Mind , Ma jd be the minority/majority function over d variables. Let I(Ma jd ) = I(Mind ) be
the influences of the functions Ma jd , Mind . Note that Mind is the indicator function of the H1/2 . Let
f : Qd → {0, 1} be the indicator function of the set V . Then
A(k, d) = k(|V ∩ H1/2 | − |V − H1/2 |) − E[V,Vd \V ]

0
2d
=
kh f , Mind 0 i) − I( f )
2
We now show the following
√ inequality on Boolean functions over the cube, which proves the lemma
when k ≤ π2 I(Mind ) = O( d).
Claim 3.8. There exists a constant α < 1, such that for any Boolean function f on the d-dimensional
cube,
π
· I(Mind ) · (h f , Mind i − α) ≤ I( f )
2
Proof. To prove the claim we use some well known facts about Fourier coefficients of Boolean functions.
Note that for a Boolean Function f : {0, 1}d → {+1, −1} there is a well known and studied change of
ˆ be the corresponding Fourier
bases called the Walsh-Fourier transform. For any subset S ⊆ [d] let f (S)
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coefficient of f . Following are some standard facts about the Fourier coefficients proofs of which can be
found in[23].
q
2
ˆ d ({i})| ∼
• |Min
πd
ˆ d (S)2 ≤ (1 − 2 )
• ∑|S|≥2 Min
π
q
• I(Mind ) ∼ π2 d
• ∑i | fˆ({i})| ≤ I( f )
Now
π
I(Mind )h f , Mind i =
2
≤

=



π
ˆ
ˆ
I(Mind ) ∑ f (S)Mind (S)
2
π
I(Mind )
2
π
I(Mind )
2

!

∑
∑

Putting α =

4

ˆ d (S)
fˆ(S)Min

!
2
ˆ d (S)
+ ∑ fˆ(S)Min
πd |S|≥2

| fˆ(S)|

|S|=1

r

π
I(Mind )  ∑ | fˆ(S)|
2
|S|=1

2
+
πd
r

s

π
2
| fˆ(S)| + I(Mind )
1−
2
π
|S|=1
!
r
2
π
1−
≤ I( f ) + I(Mind )
2
π
≤

∑

|S|≥2

r


≤

ˆ d (S)| +
| fˆ(S)||Min

|S|=1

∑

|S|≥2

s
ˆf 2 (S)



∑

ˆ d 2 (S)
Min

|S|≥2

!

∑

q
1 − π2 proves the claim, and thus also completes the proof of Lemma 3.7.

Proof of Lemma 3.4

In this section, we prove the gap preservation lemma 3.4. To prove the lemma we define the following
general operation on Max-2-LIN(Z2 ) instances on the cube.
Definition 4.1 (Tensor Max-2-LIN(Z2 ) ). Given two Max-2-LIN(Z2 ) instances Γ1 : Ed1 → {0, 1} and
Γ2 : Ed2 → {0, 1} supported on Hypercubes of dimensions d1 and d2 , define a Max-2-LIN(Z2 ) instance
Γ1 ⊗ Γ2 : Ed1 +d2 → {0, 1} on the hypercube of dimension d1 + d2 as follows. For an edge (v1 , v2 ) let
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i(v1 , v2 ) be the coordinate on which the corresponding vectors v1 , v2 differ. Let vdi 1 ,vdi 2 be the vector vi
restricted on the first d1 coordinates and the last d2 coordinates respectively. Then

d
d
 Γ1 ((v1 1 , v2 1 )) if i(v1 , v2 ) ∈ [0, d1 − 1]
Γ1 ⊗ Γ2 ((v1 , v2 )) =

Γ2 ((vd1 2 , vd2 2 )) if i(v1 , v2 ) ∈ [d1 , d1 + d2 − 1]
Note that the above tensor product defines an edge according to the first instance or the second
instance depending upon the coordinate along which the edge crosses. We prove the following lemmas
about the above defined tensor product.
Lemma 4.2. Let Γ1 have combinatorial optimum ≥ β1 and Γ2 have combinatorial optimum ≥ β2 . Then
2 β2
the combinatorial optimum of Γ1 ⊗ Γ2 is ≥ d1 βd11 +d
+d2 .
Lemma 4.3. Let Γ1 have SDP optimum ≤ α1 and Γ2 have SDP optimum ≤ α2 . Then the SDP optimum
2 α2
of Γ1 ⊗ Γ2 is ≤ d1 αd11 +d
+d2 .
Note that given any (α, β ) Max-2-LIN(Z2 ) Instance Γ on the cube of dimension d define Γi = ⊗i1 Γ.
By lemmas 4.3 and 4.2 we get that Γi is an (α, β ) Instance on the hypercube of dimension i.d. This
proves lemma 3.4.
Proof of lemma 4.2. We prove the lemma by proving that the instance Γ1 ⊗ Γ2 can be partitioned into
edge disjoint copies of the instances Γ1 and Γ2 . Consider any d1 + d2 dimensional vector. Fix the last d2
coordinates and vary the first d1 coordinates within the space {0, 1}d1 . Note that the vectors generated
by the above process naturally define a subset of edges of the cube Qd1 +d2 . Also note that the subset of
edges generated is an exact copy of Γ1 . Therefore repeating the above process for all choices of the last
d2 coordinates gives us 2d2 edge disjoint copies of Γ1 within Γ1 ⊗ Γ2 . Fixing the first d1 coordinates and
repeating the same line of argument as above we get 2d1 edge disjoint copies of Γ2 within Γ1 ⊗ Γ2 . Note
that the copies described above form an edge partition of Γ1 ⊗ Γ2 . Therefore the combinatorial optimum
of the instance is


d1
d2
1
d 2 d1 2
d1 d2 2
2
≥
β1 + 2
β2
Ed1 +d2
2
2
d1 β1 + d2 β2
≥
d1 + d2

Proof of lemma 4.3. It is enough to give one SDP solution which has the required value. Let the optimal
d
d
SDP solution for Γ1 be S1 : Vd1 → R2 1 and for Γ2 be S2 : Vd2 → R2 2 .
d
+d
Define the following solution S1 ⊗ S2 : Vd1 +d2 → R2 1 2 .
S1 ⊗ S2 (v) = S1 (vd1 ) ⊗ S2 (vd2 )
It is immediate by the properties of tensor products of vectors that S1 ⊗ S2 is a valid SDP solution.
We now compute the SDP value of S1 ⊗ S2 . Let E1 ∈ Ed1 +d2 be the set of edges which go through the first
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d1 coordinates and E2 ∈ Ed1 +d2 be the set of edges which go through the last d2 coordinates. Note that
|E1 | = d21 2d1 +d2 and |E2 | = d22 2d1 +d2 . Therefore the SDP value achieved by the solution is
!

1
Ed1 +d2
=
=

1
Ed1 +d2
1

∑

2

kS1 ⊗ S2 (v1 ) ± S1 ⊗ S2 (v2 )k +

2

kS1 ⊗ S2 (v1 ) ± S1 ⊗ S2 (v2 )k

∑
(v1 ,v2 )∈E2

(v1 ,v2 )∈E1

!

∑

kS2 (vd1 2 )k2 kkS1 (vd1 1 ) ± S2 (vd1 1 )k2 +

(v1 ,v2 )∈E1

∑

kS1 (vd1 1 )k2 kkS2 (vd1 2 ) ± S2 (vd1 2 )k2

(v1 ,v2 )∈E2



α1 d1 2d1 +d2 + α2 d2 2d1 +d2

Ed1 +d2
d1 α1 + d2 α2
=
d1 + d2

5

Towards solving Unique Games on the Hypercube

In this section we propose a candidate algorithm for solving Unique Games on the Hypercube. Our
candidate algorithm is simply augmenting the Goemans Williamson SDP with appropriate triangle
inequalities. We conjecture that the augmented SDP is strong enough to solve unique games on the
Hypercube. In particular we show that our proposed instance ∆(k, d) defined in the previous section is
indeed solved by this SDP. The motivation behind our conjecture comes from the fact which we show
next that on a cycle of any length the augmented SDP has at best a constant gap. This implies in particular
that an inconsistent cycle in a graph acts as a certificate for an unsatisfied edge in the SDP solution
as well. Therefore the property of necessarily having many inconsistent cycles makes Max-2-LIN(Z2 )
instances on a graph solvable by SDP. We end the section by showing that our instance indeed has a lot
of inconsistent cycles and by conjecturing that in fact any instance on the Boolean Cube satisfies this
property.
We begin by defining our augmented SDP.
Definition 5.1 (GW+). Given a graph G = (V, E) and a Max-2-LIN(Z2 ) instance I : E → {0, 1} on it,
let the set of equality edges be E + and the set of inequality edges be E − . The augmented GoemansWilliamson SDP for the instance is defined as
!
1
minimize
∑ + kxu − xv k2 + ∑ − kxu + xv k2
4|E| (u,v)∈E
(u,v)∈E
subject to kxu k2 = 1 (∀ u ∈ V )
kai − a j k2 ≤ kai − ak k2 + kak − a j k2 (∀ i, j, k ∈ V, ai = ±xi , a j ± x j , ak ± xk )
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One way in which the GW+algorithm improves on the Goemans-Williamson algorithm is that is takes
inconsistent cycles into account, as is formalised below.
Definition 5.2 (inconsistent cycles). Let I be a Max-2-LIN(Z2 ) instance defined on a graph G. A cycle
in G is said to be inconsistent if no assignment can satisfy all edges of the cycle (note that there is always
an assignment that satisfies all edges of a cycle but one).
Theorem 5.3. Consider a Max-2-LIN(Z2 ) instance I defined on a graph G = (V, E), and suppose that
there are ε · |E| edge-disjoint inconsistent cycles in the instance. Then given I, the value returned by
GW+is at least ε.
Theorem 5.3 is well known, but we give a proof for completeness.
Proof. First consider the case where the instance just contains one cycle C. If it is consistent, it is easy
to see that the SDP achieves a value of 0. We now focus on inconsistent cycles. Let u0 , u1 . . . un−1 be
the vertices of the cycle in order and let un = u0 . Let Ei be edge connecting ui → ui+1 and let C(Ei ) be
defined to be 1 if there is an equality constraint on Ei and −1 otherwise. Define
sign(i) = Πij=0C(Ei )
Note that w.l.o.g. sign(0) = 1 and sign(n) = −1 because the cycle is inconsistent. The objective function
of GW+now is thus
1
4



n

∑ ksign(i)Xu − sign(i + 1)Xu
i

i=0

i+1

k

2





1
2
ksign(0)Xu0 − sign(n)Xun k
≥
4
1
k2(Xu0 )k2
=
4
= 1

The first inequality follows from the triangle inequalities added to GW+. The above implies that
GW+has no gap on a cycle.
Now for a general instance, note that the above implies that any inconsistent cycle in the given
instance must contribute at least 1 to the value of the objective function in GW+. In particular if we can
find ε · |E| inconsistent edge disjoint cycles in the given instance we can be assured that the GW+optimum
is at least ε, as required.
An interesting question is whether there are instances of Max-2-LIN(Z2 ) on the hypercube which are
ε unsatisfiable, and yet there are not enough disjoint inconsistent cycles that certify the value to be at
least Ω(ε) . We conjecture that in fact there are no such instances, and therefore that the GW+algorithm
gives a constant approximation algorithm for Max-2-LIN(Z2 ) on the hypercube.
Conjecture 5.4. Given a Max-2-LIN(Z2 ) instance on the Hypercube (Vd , Ed ) such that in any labeling
at least ε fraction of its edges are unsatisfied, then there are at least Ω(ε|Ed |) edge disjoint inconsistent
cycles in the instance.
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One motivation behind our conjecture is the presence of a large number of cycles containing every
edge – each edge is contained in (d − 1) 4-cycles. At least it is true that for our instance ∆(k, d), defined
previously, the statement of the conjecture holds. Recall that when k ≤ O(I(Ma jd )), the combinatorial
optimum is Θ( dk )
Theorem
5.5. Let I = ∆(k, d) be the Max-2-LIN(Z2 ) instance defined in Section 3, where k ≤ O(I(Ma jd )) =
√
O( d). Then there are at least Ω( dk · |E|) edge disjoint inconsistent cycles in I, where E is the set of
edges in I.
Proof. We first investigate the number of inconsistent edge disjoint cycles in our instance between two
subcubes of dimension d − k. The inconsistent edge disjoint cycles in the whole instance will just be their
union over all subcubes.
Edge-disjoint paths.
To find the required cycles, we first consider a d − k dimensional subcube
Qd−k (x) inside our instance, and let H1/2 be the set of vertices with Hamming weight ≤ d−k
2 inside it (we
only consider the Hamming weight relative to the subcube). We would like to find many√edge disjoint
simple paths in the cube Qd−k such that for every vertex v ∈ H1/2 there are at least ` = Θ( d) paths that
start from it and end in a vertex outside of H1/2 , and such that at most ` paths end at any one vetrex.
Note that if P is a path of this type, and if Q is taken to be the same path but on a neighbouring subcube
Qd−k (σi (x)) (σi flips the i’th bit of x), then the two paths can be joined to create an inconsistent cycle.
Note that the above problem is equivalent to the following flow system. Let every edge within Qd−k
have capacity 1, and add a source s that connects to every vertex v ∈ H1/2 with an edge of capacity ` and
a target t that connects to every vertex outside of H1/2 with an edge of capacity `. If this system has a
flow that saturates the edges going out of s and into t, then we can find the needed paths in our instance:
that follows since if such a flow exists there must also be an equivalent integral flow. Once an integral
flow is achieved, it is easy to see that it can be broken into edge-independent paths inside the subcube.
To see whether the flow system is satisfiable or not we simply need to check the whether every s − t
cut is flow sufficient. Consider any cut V ⊂ Vd−k . Note that the demand of the cut is `|(|V − H1/2 | −
√
|H1/2 −V |)| and the capacity of the cut is E(V,Vd−k −V ). Note that lemma 3.7 implies that for ` ≤ O( d)
the cut is flow sufficient.
Stitching paths together. For every path P = P(x) that we found in Qd−k (x), we can take a corresponding path P(y) in any other subcube. We thus have a system of disjoint paths in the subcubes of our
instance. Let us show how to stitch them together to get edge disjoint cycles. For this purpose, consider
the graph G on the subcube Qd−k (x) which connects two points when they are connected by one of our
chosen paths. G is a bipartite graph, and because of the way the paths were selected, it is regular and each
vertex has degree `. It is well known that such a graph can always be partitioned into ` matchings (e.g.
using Hall’s theorem): this means that we can choose a color i = i(P) for each path, i ∈ {1, . . . , `}, such
that no vertex connects to two paths with the same color.
Now each path P(y) in a subcube Qd−k (y) can be matched to the similar path P(y0 ) in Qd−k (y0 ),
where y0 = σi (y) and i = i(P) is the index chosen by P (since ` ≤ k, also i ≤ k). Joining the endpoints
of those paths creates an inconsistent cycle, and it is easy to verify that this indeed gives a system of
edge-disjoint inconsistent cycles in ∆(k, d).
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Counting cycles. As we constructed ` · 2d−k disjoint paths in each subcube, and since each cycle
consists of two such paths, the total number of cycles is ` · 2d−k · 2k /2 = Ω(k · 2d ). Since the number of
edges in ∆(k, d) is d · 2d , the number of cycles is Ω( dk · |E|) as required.
Remark 5.6. The use of Lemma 3.7 in the proof above can be replaced by a simple and direct probabilistic
argument for constructing the disjoint paths.

References
[1] S ANJEEV A RORA , B OAZ BARAK , AND DAVID S TEURER: Subexponential algorithms for unique
games and related problems. In Proceedings of the 51st IEEE Symposium on Foundations of
Computer Science, 2010. 2
[2] S ANJEEV A RORA , RUSSELL I MPAGLIAZZO , W ILLIAM M ATTHEWS , AND DAVID S TEURER:
Improved algorithms for unique games via divide and conquer. In In Electronic Colloquium on
Computational Complexity, pp. TR10–041, 2010. 2
[3] S ANJEEV A RORA , S UBHASH K HOT, A LEXANDRA KOLLA , DAVID S TEURER , M ADHUR T UL SIANI , AND N ISHEETH V ISHNOI : Unique Games on expanding constraint graphs are easy. In
Proceedings of the 40th ACM Symposium On The Theory Of Computing, volume 40, pp. 21–28,
2008. 2
[4] B OAZ BARAK , F ERNANDO G. S. L. B RANDÃO , A RAM W ETTROTH H ARROW, J ONATHAN A.
K ELNER , DAVID S TEURER , AND Y UAN Z HOU: Hypercontractivity, sum-of-squares proofs, and
their applications. In Proceedings of the 44th Symposium on Theory of Computing Conference, pp.
307–326, 2012. 3
[5] B OAZ BARAK , PARIKSHIT G OPALAN , J OHAN H ÅSTAD , R AGHU M EKA , P RASAD R AGHAVEN DRA , AND DAVID S TEURER: Making the long code shorter, with applications to the unique games
conjecture. Electronic Colloquium on Computational Complexity (ECCC), 18:142, 2011. 3
[6] B OAZ BARAK , P RASAD R AGHAVENDRA , AND DAVID S TEURER: Rounding semidefinite programming hierarchies via global correlation. In FOCS, pp. 472–481, 2011. 2
[7] M OSES C HARIKAR , KONSTANTIN M AKARYCHEV, AND Y URY M AKARYCHEV: Near-optimal
algorithms for unique games. In Proceedings of the ACM Symposium on the Theory of Computing,
volume 38, pp. 205–214, 2006. 2, 4
[8] M OSES C HARIKAR , KONSTANTIN M AKARYCHEV, AND Y URY M AKARYCHEV: Near-optimal
algorithms for Unique Games. In Proceedings of the 38th Annual ACM Symposium on Theory of
Computing, pp. 205–214, 2006. 2
[9] S HUCHI C HAWLA , ROBERT K RAUTHGAMER , R AVI K UMAR , Y UVAL R ABANI , AND D. S IVAKU MAR : On the hardness of approximating multicut and sparsest-cut. In Computational Complexity,
volume 15(2), pp. 94–114, 2006. 1
C HICAGO J OURNAL OF T HEORETICAL C OMPUTER S CIENCE 2015, Article 1, pages 1–20

18

U NIQUE G AMES ON THE H YPERCUBE

[10] E DEN C HLAMTAC , KONSTANTIN M AKARYCHEV, AND Y URY M AKARYCHEV: How to play
unique games using embeddings. In Proceedings of the IEEE Symposium on Foundations of
Computer Science, volume 48, pp. 687–696, 2006. 2
[11] U. F EIGE AND G. S CHECHTMAN: On the optimality of the random hyperplane rounding technique
for max-cut. Random Structures and Algorithms, 20:403–440, 2002. 2, 4
[12] M. G OEMANS AND D. W ILLIAMSON: A 0.878 approximation algorithm for MAX-2SAT and
MAX-CUT. In Proceedings of the 26th Annual ACM Symposium on Theory of Computing, pp.
422–431, 1994. 2
[13] M ICHEL X. G OEMANS AND DAVID P. W ILLIAMSON: Improved approximation algorithms for
maximum cut and satisfiability problems using semidefinite programming. J. ACM, 42(6), 1995. 4,
7
[14] A NUPAM G UPTA AND K UNAL TALWAR: Approximating unique games. In Proceedings of the
ACM-SIAM Symposium on Discrete Algorithms, volume 24, pp. 99–106, 2006. 2
[15] H. K ARLOFF: How good is the goemans-williamson max-cut algorithm?
Computing, 29(1):336–350, 1999. 2, 4

SIAM Journal on

[16] S UBHASH K HOT: On the power of unique 2-prover 1-round games. In Proceedings of the ACM
Symposium on the Theory of Computing, volume 34, pp. 767–775, 2002. 1, 2
[17] S UBHASH K HOT, G UY K INDLER , E LCHANAN M OSSEL , AND RYAN O’D ONNELL: Optimal
inapproximability results for max-cut and other 2-variable CSPs? In Proceedings of the IEEE
Symposium on Foundations of Computer Science, volume 45, pp. 146–154, 2004. 1, 2
[18] S UBHASH K HOT, P REYAS P OPAT, AND R ISHI S AKET: Approximate lasserre integrality gap for
unique games. In APPROX-RANDOM, Lecture Notes in Computer Science, pp. 298–311. Springer,
2010. 3
[19] S UBHASH K HOT AND O DED R EGEV: Vertex cover might be hard to approximate to within 2 − ε.
In Proceedings of the IEEE Conference on Computational Complexity, volume 18, pp. 379–386,
2003. 1
[20] S UBHASH K HOT AND N ISHEETH K. V ISHNOI: The unique games conjecture, integrality gap
for cut problems and embeddability of negative type metrics into `1 . In Proceedings of the IEEE
Symposium on Foundations of Computer Science, volume 46, pp. 53–62, 2005. 1, 3
[21] A LEXANDRA KOLLA: Spectral algorithms for Unique Games. In Proceedings of the 25th ACM
Conference on Computational Complexity, volume 25, pp. 122–130, 2010. 2
[22] KONSTANTIN M AKARYCHEV AND Y URY M AKARYCEV: How to play unique games on expanders.
In In Proceedings of the eighth Workshop on Approximation and Online Algorithms, 2010. 2
[23] RYAN O’D ONNELL: Analysis of Boolean Functions. Cambridge University Press, 2014. 13
C HICAGO J OURNAL OF T HEORETICAL C OMPUTER S CIENCE 2015, Article 1, pages 1–20

19

NAMAN AGARWAL , G UY K INDLER , A LEXANDRA KOLLA , AND L UCA T REVISAN

[24] P RASAD R AGHAVENDRA: Optimal algorithms and inapproximability results for every csp? In
Proceedings of the 40th ACM Symposium On The Theory Of Computing, volume 40, pp. 245–254,
2008. 2
[25] P RASAD R AGHAVENDRA AND DAVID S TEURER: Integrality gaps for strong sdp relaxations of
unique games. In FOCS, pp. 575–585. IEEE Computer Society, 2009. 3
[26] P RASAD R AGHAVENDRA AND DAVID S TEURER: Graph expansion and the Unique Games conjecture. In Proceedings of the 42nd ACM Symposium On The Theory Of Computing, volume 42, pp.
755–764, 2010. 1, 2
[27] P RASAD R AGHAVENDRA AND DAVID S TEURER: Graph expansion and the unique games conjecture. In STOC, pp. 755–764, 2010. 3
[28] L UCA T REVISAN: Approximation algorithms for unique games. In Proceedings of the IEEE
Symposium on Foundations of Computer Science, volume 46, pp. 197–205, 2005. 2
AUTHORS
Naman Agarwal
Graduate Student
Princeton University, Princeton, NJ, USA
namana cs princeton edu
http://www.cs.princeton.edu/~namana
Guy Kindler
Researcher
Hebrew University, Jerusalem, Israel
gkindler cs huji ac il
http://www.cs.huji.ac.il/~gkindler/
Alexandra Kolla
Assistant Professor
University of Illinois Urbana-Champaign, Urbana-Champaign, Illinois, USA
akolla illinois edu
http://akolla.cs.illinois.edu/
Luca Trevisan
Professor
University of California Berkeley, Berkeley, CA, USA
luca berkeley edu
http://www.eecs.berkeley.edu/~luca/

C HICAGO J OURNAL OF T HEORETICAL C OMPUTER S CIENCE 2015, Article 1, pages 1–20

20

